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Abstract

We investigated how interrater agreement in personality judgment is affected by the perceivers’ affection or dislike regarding the
targets. A total of 209 perceivers judged the personalities of |15 targets by means of 30 adjectives. The targets were public figures
(e.g., the Pope), which enabled gathering a large number of ratings by perceivers differing in liking. Shared liking was associated
with strong increases, and large liking differences were associated with strong decreases, in profile correlations. Shared antipathy
was also associated with lower agreement. The greater agreement between judgments of liked targets was largely due to the
perceivers characterizing targets positively, whereas judgments of disliked targets were not affected by (shared) negativity to the
same extent. The perceivers’ attitudes toward the targets constitute an important factor in person perception and need to be

taken into account more systematically in research studies.
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The 2012 U.S. primaries and presidential election once again
provide a stunning example of how differently the same per-
sons (i.e., the candidates) may be portrayed by people who
have different attitudes toward them. Terms like “‘prin-
cipled,” “skilled,” ““successful,” ““strong,” ‘“‘qualified,”
“liberal,” ““socialist,” or “leader” are being tossed around
and sometimes applied to candidates in a seemingly random
manner. Often, the best predictor of which terms are applied
to which candidate seems to be whether a term entails a
positive or negative overall evaluation and whether the person
who provides the judgment (= perceiver) likes or dislikes the
candidate (= target), not who the target person is.
Accordingly, the extent to which two perceivers agree in their
judgments of a target may depend quite strongly on how much
each of them likes or dislikes the target. In the present study,
we investigate this issue, using public figures as target
persons.

Numerous studies have investigated the effects of “acquain-
tance” between target and perceiver on interrater agreement
and accuracy in judgments of personality (e.g., Biesanz, West,
& Millevoi, 2007; Borkenau & Liebler, 1992; Borkenau,
Mauer, Riemann, Spinath & Angleitner, 2004). The term
acquaintance essentially denotes the amount of information
that the perceiver has about the target. Studies investigating
effects of acquaintance usually find that greater acquaintance

is associated with greater interrater agreement and accuracy,
with the largest increases taking place at the earliest stages in
the process of getting acquainted. In comparison, the number
of studies addressing the effects of /iking is yet very small.
Leising, Erbs, and Fritz (2010) demonstrated that the extent
to which perceivers are fond of targets is associated with higher
ratings of the targets on socially desirable personality traits, and
with lower ratings on undesirable traits. In other words, a per-
ceiver’s judgment of a target is partly shaped by an interaction
between the perceiver’s attitude toward the target and the
positive or negative evaluation that the respective item entails.
Leising et al. (2010, study 2) also found evidence that the
perceiver’s level of affection for the target is systematically
associated with interrater agreement. Most important, infor-
mants (e.g., friends, spouses) who liked their targets described
them in ways that were highly similar to how an average target
would describe himself or herself. For informants who had a
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more critical attitude toward the same targets, this was not the
case. In a similar vein, Borkenau and Zaltauskas (2009) found
that participants who expressed positive regard for themselves
(on the Rosenberg self-esteem scale; Rosenberg, 1965; Ferring
& Filipp, 1996) rated themselves in ways that were more sim-
ilar to how the average person was described by his or her
peers. Both studies show that a perceiver who has a more pos-
itive attitude toward a target (e.g., himself) will provide a more
normative (i.e., average) rating of that target’s personality. This
certainly has something to do with the fact that normative per-
sonality profiles are typically positive: Edwards (1953) was the
first to demonstrate that the correlation between item means
and item desirabilities (as judged by a group of raters) exceeds
r = .80. Thus, with regard to personality profiles, what is
average is considered good, and vice versa.

In the present study, we provide another investigation of
how the perceivers’ liking of their targets is associated with
interrater agreement in judgments of personality. In this study,
we try to overcome some of the limitations of previous studies:
In Leising et al.’s (2010) study 2, there were only two infor-
mants judging each target, and those informants always
represented quite specific segments of the liking continuum
(i.e., extreme dislike was relatively rare, and most informant
pairs differed considerably in how much they liked the targets).
In the present study, we investigate the effects of liking more
systematically, by using a larger number of perceivers who rep-
resent the full range of the liking variable. In order to be able to
obtain ratings by many perceivers differing in liking, we
decided to use public figures as targets. The reasoning behind
this is that public figures, by definition, are known to a large
number of people, so the number of potential raters for each
target will be very large too.

Method
Selection of Target Persons

As a first step, we compiled a list of N = 40 public figures
(e.g., actors, politicians, singers, TV hosts) who were particu-
larly “visible” in Germany at the time the study was con-
ducted. This list was presented to a sample of N = 50
participants (32 female, age: M = 24.6, SD = 1.9) who reported
how much they liked each target (1 = not at all, 5 = very
much), and how well they thought they knew each target
(1 =notatall, 5 = very well). From the larger pool of 40 poten-
tial targets, we selected 15 for the main study, based on three
considerations: First, the targets should be relatively well
known to most participants. Second, there should be sufficient
variance in how much each target was liked by the participants.
Third, the targets should be relatively well distinguishable from
each other in terms of their “actual” personalities. The targets
we selected were Gregor Gysi (a left-wing politician), Daniela
Katzenberger (a Paris-Hilton-like celebrity), Oliver Kahn (the
former goal keeper of the German national soccer team), Pope
Benedict XVI, Helge Schneider (a comedian), Uli HoeneB (the
president of the Bayern Munich soccer team), Dieter Bohlen

(a music producer), Silvio Berlusconi (the prime minister of
Italy at that time), Angelina Jolie (the actress), Lena Meyer-
Landrut (the German winner of the 2010 Eurovision Song Con-
test), Karl Lagerfeld (the clothes designer), Ursula von der
Leyen (a member of the German government), Heidi Klum
(a German model and TV show anchor), Nina Hagen (a singer),
Michael Ballack (a soccer player), and Madonna (the singer).

Sample

A total of 209 participants (120 female, 87 male, 2 failed to
report sex) took part in the main study. They were 23.1 years
old on average (SD = 4.2). All participants were recruited by
means of a snowball system via e-mail. Most were university
students. Accordingly, the average level of education was high
(94.3% reported having “Abitur,” which is a relatively selec-
tive secondary school degree, implying permission to attend
university).

Measure

The raters judged each of the 15 targets by means of 30 adjec-
tives, using a 5-point scale ranging from 1 = Doesn’t fit at all
to 5 = Fits perfectly. The list of adjectives was devised by
Borkenau and Ostendorf (1998) to measure the Big Five per-
sonality factors by means of six adjectives each. If a perceiver
did not know a particular target at all, it was possible to skip
the rating of that target. In 192 cases, a perceiver did not pro-
vide any ratings of a target. We also omitted six descriptions
with more than two missing values. In addition to rating the
targets’ personalities, the participants also reported how much
they thought they knew each target (1 = hardly, 5 = very
well), and how much they liked each target (1 = not at all,
5 = very much). In 19 cases, a perceiver did not provide infor-
mation regarding his or her liking of a target. Altogether, we
obtained 2,918 personality profiles that were accompanied by
knowing and liking ratings regarding the respective target.
The average distribution of liking levels regarding the
same target was n; = 34.5, n, = 52.5, n3 = 69.7, ny = 28.7,
ns = 9.1 (Knowing: n, = 37.5, n, = 41.6, n3 = 57.9,
ny =45.7,n5 = 11.7). The average correlation between liking
and knowing regarding the same target was r = .26
(range: —.06 to .43).

Data Analysis and Hypotheses

The central unit of analysis in the present study is the correla-
tion between two personality profiles, each of which consists of
30 adjective ratings. Two profiles may refer to either the same
target or two different targets, and they may be provided either
by the same perceiver or by two different perceivers. We inves-
tigated how profile correlations were associated with how
much the perceivers said they knew and liked the targets.

It has often been noted that profile correlations contain a
“stereotype” or ‘“normative’’ component, because the average
person receives higher ratings on some items (e.g., “reliable’”)
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than on other items (e.g., “hostile’’; Cronbach, 1955; Furr,
2008). Thus, correlations between personality profiles will be
higher than zero, on average, even if the profiles do not refer
to the same target person. In the present study, we used what
Furr (2008) calls the “sample level (random dyads)” strategy
to deal with this issue, that is, we systematically compared pro-
file correlations for judgments of the same targets with profile
correlations for judgments of different targets (cf. Kenny,
Kashy, & Cook, 2006). Altogether, we analyzed (2,918 x
2,917)/2 = 4,255,903 profile correlations.

We conducted a multiple regression analysis to predict
profile correlations from (a) whether the two profiles
described the same or different targets (dummy coded:
0 = different, 1 = same), (b) whether the two profiles were
provided by the same or different perceivers (dummy coded:
0 = different, 1 = same), and (c) how well the two perceivers
said they knew and how much they liked the targets. To test
for curvilinear effects of knowing and liking, we centered the
theoretical scales at zero and included (d) the respective quad-
ratic terms in the regression model. Finally, to assess the spe-
cific effects of shared/unshared knowing and liking, we
included (e) the respective interaction effects between the two
perceivers. The full regression model is reported in Appendix
A.! Tt should be noted that multiple regression analyses deter-
mine the unique contributions of each predictor, thereby
unconfounding the effects of liking and knowing (cf. Leising,
Erbs, & Fritz, 2010).

The intercept of this regression model represents normative
agreement (i.e., profile similarity that is due to the features of
the average target person). We expected normative agreement
to be greater than zero. The regression coefficient for target
sameness represents distinctive agreement (i.e., the gain in
agreement that is due to two perceivers’ shared views of the
distinctive features of the same target). We also expected dis-
tinctive agreement to be greater than zero. The regression coef-
ficient for perceiver sameness represents assimilation (i.e., the
gain in agreement that is due to the average perceiver’s viewing
other people similarly; cf. Kenny, 1994). We expected assimi-
lation to be greater than zero, as well. Moreover, we expected
shared liking to have a positive effect on profile similarity, and
large liking differences to have a negative effect on profile
similarity. According to our knowledge, the effect of shared
antipathy on profile similarity has never been investigated
before, so we did not formulate a specific hypothesis for this
particular constellation of perceiver attitudes.

Note that, as the perceivers in the present study were inter-
changeable, one would expect identical regression weights to
emerge for the liking and knowing of both perceivers. In order
to take this into account, we ran the multiple regression 100
times, each time randomly assigning the role of “perceiver
17 and “perceiver 2” to the perceivers in each perceiver pair.
In Table 1, we report the average regression parameters result-
ing from this procedure.

Because the profile correlations in the present study were
not independent of each other (i.e., they were partly provided
by the same perceivers or referred to the same targets), standard

Table 1. Multiple linear regression.

Variable Index b SE, t b*
Intercept bo .304 012 2621 ok
Same Target by .140 .005  30.90 23
Same Perceiver b, .084 004  21.06 .0207%k*
Knowing Pl bs 013 .004 3.37 .04 1+
Knowing P2 by 013 .004 3.37 .038#k*
Knowing P12 bs .007 .002 3.17 .036%*
Knowing P2? be .007 .002 2.95 036+
Knowing P1*P2 by —.001 <.00l 3.13 —.007%*
Liking PI bg .040 .004 9.79 1267w
Liking P2 by .040 .005 8.79 .1 28%k*
Liking P12 bio —.012 .003 432 —.048%Fk
Liking P2? b —.011 .003 431 —.04 7%k
Liking P1*P2 b .040 .003 13.20 166+

Note. DV = profile correlations (N = 4,255,903). b are unstandardized, and b*
are standardized regression coefficients averaged across 100 analyses, each
time randomly assigning the role of Perceiver | (P1) and Perceiver 2 (P2) to the
two perceivers in each perceiver pair. SE;, are jackknife-based standard errors
for the average unstandardized regression coefficients.

*p < .05. ¥p < .0]. *p < 00I.

inferential statistics were not applicable to the regression coef-
ficients. To solve this problem, we used a jackknife resampling
procedure (Efron & Tibshirani, 1993). Specifically, we com-
puted the average regression parameters (N =) 209 times, each
time omitting the data from exactly one of the 209 perceivers
(the 100 random perceiver permutations described above were
nested within each of these 209 analyses, requiring the compu-
tation of 20,900 regression models overall). The distribution of
average regression coefficients across these 209 resamples was
then used to estimate standard errors for each coefficient (for
the exact formula see Efron & Tibshirani, 1993, p. 141), which
enabled the application of # tests.” We also used this procedure
to test several linear combinations of regression coefficients for
statistical significance (see below). Analyses were performed
with R 2.12.2 (R Development Core Team, 2011), using the
Linux computer cluster at the University of Kassel.

Results
Effects of Liking on Interrater Agreement

Table 1 displays the results of the multiple regression analyses
described above. The average overall R? for the complete
model was .088. The average (normative) agreement between
two different perceivers judging two different targets was
substantial (b) = .304). When two perceivers judged the same
target, agreement rose by b; = .140. This latter coefficient
reflects distinctive agreement and is very comparable to the
levels of distinctive agreement that are reported in the literature
(Biesanz et al., 2007; Leising et al., 2010). Moreover,
judgments of two different targets by the same perceiver were
b, = .084 more similar than judgments of two different targets
by two different perceivers. This latter coefficient reflects
assimilation.
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Panel A. Predicting raw profile correlations
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Panel B. Predicting partial profile correlations corrected for
item social desirability
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Figure |. Effects of the perceivers’ liking on profile similarity when two perceivers describe the same target.

Although the perceivers’ subjective knowing of the targets
contributed significantly to profile similarity, the respective
regression coefficients were generally small (all bs < .015).
In contrast, the perceivers’ liking had quite dramatic effects.
Panel A in Figure 1 displays the regression plane for the unique
influence of the liking levels of two different perceivers (i.e.,
controlling for knowing) on profile correlations between
judgments of the same target: If both perceivers liked the same
target very much, the average profile correlation was substan-
tially higher (expected » = .67; back corner of the regression
plane in Panel A), as compared to judgments of the same target
by two neutral perceivers, p < .001.

If both perceivers were neutral (center of the plane) or dis-
liked the target very much (front corner), the expected profile
correlations were .44 and .35, respectively. Thus, similar liking
levels of the perceivers were not associated with interrater
agreement in a symmetric fashion along the liking continuum:
Shared liking was associated with higher interrater agreement,
but shared antipathy was associated with /lower interrater agree-
ment (the difference between .44 and .35 was statistically
significant, p < .001). However, the latter profile correlation
(r = .35) was significantly higher than the overall intercept
of the model, p = .013, suggesting that judgments by two
perceivers who disliked and judged the same target person were
still recognizable as referring to the same target person.

Dissimilar liking levels of the perceivers were associated
with another marked drop in the expected profile correlation
(r = .19; left and right corners of the regression plane in
Panel A). Notably, this latter correlation was significantly
lower than the overall intercept of the model, p <.001, suggest-
ing that two perceivers who greatly differed in their attitudes

toward the same target described that target in more dissimilar
ways than did two neutral perceivers who described two
different targets. For example, if one perceiver loved Silvio Ber-
lusconi and another perceiver hated Silvio Berlusconi, their
portrayals of Berlusconi’s personality resembled each other less
than did a portrayal of Silvio Berlusconi by one neutral perceiver
and a portrayal of Angelina Jolie by another neutral perceiver. In
other words, the effect of highly different attitudes toward the
same target did override the effect of target “sameness.”

We will now report a few findings for judgments of different
targets. For such judgments, a parallel plane lying (b; =) .140
below the one shown in Panel A could be displayed. Notably,
descriptions of two different targets by two perceivers who
liked those targets were significantly more similar to each other
(r = .53) than descriptions of the same target by two neutral
perceivers (r = .44), p = .001. For example, if one perceiver
loved Silvio Berlusconi and another perceiver loved Angelina
Jolie, their portrayals of these two targets resembled each other
more than a portrayal of Angelina Jolie by one neutral percei-
ver and a portrayal of Angelina Jolie by another neutral
perceiver. In other words, the effect of highly similar attitudes
toward different targets did override the effect of target
“differentness.”

If two perceivers shared an antipathy regarding their respec-
tive targets, the expected profile correlation was » = .21, which
is significantly lower than the overall intercept of the model,
p <.001. This means that judgments of two different targets
by two perceivers who disliked those targets were less similar
than judgments of two different targets by two neutral percei-
vers. Finally, if one perceiver liked his or her target and the
other perceiver disliked his or her target, the expected profile
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correlation dropped even more to » = .05. However, this latter
correlation was still significantly higher than zero, p = .029.
Thus, if one perceiver hated Silvio Berlusconi and judged him,
and another perceiver loved Angelina Jolie and judged her, the
correlation between the respective personality profiles was still
positive.

Effects of Item Desirability

In Leising et al.’s (2010) study, the extent to which a perceiver
would assign a personality attribute to a target was strongly
predicted by the interaction between that perceiver’s liking
of the target and the desirability/undesirability of the respec-
tive personality attribute. We attempted to replicate this find-
ing, by correlating Leising et al.’s (2010) desirability ratings
for the 30 items with the average itemwise s resulting from
simultaneously regressing the perceivers’ ratings of each tar-
get on the respective perceivers’ knowing and liking levels
regarding that target.> We did not find a significant associa-
tion between the average knowing Bs and item desirability,
r(28) = .01, p = .983, but we did find an extremely strong
association between the average liking Ps and item desirabil-
ity, (28) = .95, p < .001. This clearly confirms that person
descriptions using items with more evaluative (i.e., positive
or negative) content are more prone to being affected by the
respective perceiver’s attitude toward the target (cf. John &
Robins, 1993; Vazire, 2010).

Across targets and knowing levels, the average profile cor-
relations between target characterizations and item desirabil-
ities were r = —.10 for liking level 1, » = .15 for liking level
2, r = .38 for liking level 3, » = .53 for liking level 4, and
r = .46 for liking level 5. That is, perceivers who disliked their
targets characterized them in a more or less neutral fashion,
whereas perceivers who neither liked nor disliked their targets
described them in a more positive fashion, and perceivers who
liked their targets a lot described them in an even more positive
fashion. This linear increase probably explains some of the
asymmetric association between shared levels of liking and
interrater agreement (cf. Figure 1, Panel A): The more two per-
ceivers like their targets, the more they will hold shared posi-
tive views of those targets, which will contribute to a higher
profile correlation. Of note, perceivers who dislike targets do
not seem to share strong negative views to the same extent.

As a final step, we directly investigated the extent to which
the dramatic effects of Liking on interrater agreement could
be explained by the perceivers’ tendency to respond in a
socially desirable manner when judging liked targets. For this
purpose, we reran the regression analyses, using partial pro-
file correlations as the dependent variable (i.e., correlations
between profiles from which the item desirabilities had been
statistically removed; cf. Leising et al., 2010). To the extent
that the effect of Liking on interrater agreement is driven by
an interaction with item desirability, the effect should be
reduced when predicting these partial correlations. Panel B
in Figure 1 shows that, when controlling for item desirability,

the effect of Liking on profile correlations vanished almost
completely (all bs < |.01]).

Discussion

The present study demonstrates how dramatically interrater
agreement in judgments of personality varies with how much
the perceivers like the targets: Shared liking is associated with
substantially higher profile correlations, whereas large discre-
pancies in liking are associated with lower profile correlations.
If two different targets are described by perceivers who like
them very much, the resulting personality profiles will be even
more similar to each other than if the same target is judged by
two neutral perceivers. When two perceivers differ greatly in
how much they like the same target, their characterizations
of that target’s personality will be even less similar than char-
acterizations of two different targets by neutral perceivers.
Thus, the present study suggests that judgments of personality
may sometimes depend more strongly on how much the percei-
vers like the targets than on who the targets are.

The association between shared liking and higher profile
agreement was largely driven by the perceivers’ describing the
targets in a more socially desirable manner. Of note, this effect
was strong even when two perceivers judged the same target
person, so it may not be accounted for by actual personality dif-
ferences between (e.g., more or less likeable) targets. Given the
strength of these associations, future studies of personality
judgment should take the perceivers’ attitudes toward the tar-
gets, and the interactions between those attitudes and the eva-
luative content of the items, into account more systematically.

Shared antipathy was generally associated with lower pro-
file correlations. Thus, the effect of similar liking levels on
interrater agreement was asymmetric along the liking conti-
nuum. This finding is quite remarkable because it would have
been just as conceivable that shared antipathy is also associated
with higher interrater agreement (e.g., if perceivers portrayed
persons they dislike in stereotypically negative ways). How-
ever, this seems not to be the case. As indicated by our analysis
using partial profile correlations, perceivers judging liked tar-
gets seem to share positive views of the targets, which contri-
butes to better interrater agreement, but agreement between
perceivers who judge disliked targets is not augmented to the
same extent by shared negative views. A recent study by Leis-
ing, Ostrovski, and Borkenau (2012) suggests that negative per-
son descriptions tend to be more idiosyncratic than positive
person descriptions. The findings of the present study point into
the same direction and also align well with findings from stud-
ies in experimental psychology which demonstrate that posi-
tively evaluated stimuli tend to be perceived as being more
similar to each other than negatively evaluated stimuli (cf.
Unkelbach, Fiedler, Bayer, Stegmiiller, & Danner, 2008).

Knowing did not have strong effects in the present study.
We suspect that this may have to do with the nature of our tar-
get sample, which comprised public figures only. The percei-
vers in our study did not have any personal contact or
personal relationships with the targets. Thus, greater subjective
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knowing did not necessarily imply greater access to private
information, which it does when ordinary people get better
acquainted with each other. In other words, relatively higher
levels of knowing in the present study may still have been rel-
atively low absolute levels of knowing, as compared to how
well people may actually get to know each other. Likewise,
high or low levels of liking may affect judgments of public
figures somewhat differently, as compared to judgments of
people one personally knows. Therefore, future research will
have to demonstrate that the conclusions of the present study
do apply to personality judgments that are derived under more
typical circumstances (i.e., situations in which the perceivers
and the targets do have personal contact with each other).

Appendix A
Regression model

Profile correlation = By 4+ B; * Same Target + B, * Same Per-
ceiver + B3 * Knowing_P1 + B4 * Knowing_P2 + Bs * Kno-
wing_P1% 4 B¢ * Knowing_P2? + B, * Knowing_P1_P2 + fg
* Liking_P1 + B¢ * Liking_P2 + Bjo * Liking_Pl2 + By *
Liking_P2* + B, * Liking_P1_P2.
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Notes

1. We also tested models including several additional predictors: We
included 14 code variables representing the specific targets that
were involved in a profile correlation. Doing so enabled us to deter-
mine the effects of the other predictors while controlling for differ-
ences in the “normativeness’ of individual targets. We also
included interactions between target sameness or perceiver same-
ness and the perceivers’ liking and knowing, because it was concei-
vable that the impact of liking and knowing might partly depend on
whether the perceiver/target is the same person. The interaction
effects were very small in size (b* < .01) and did not substantially
improve the overall model (AR* < .001). The individual targets
(expectably) differed in normativeness, but the effects of knowing
and liking remained virtually the same in both alternative models.
Thus, we present the simpler model here.

2. An anonymous reviewer noted that the jackknife approach has not
yet been validated for data with more than one random factor and
thus might not be an appropriate way to handle the complex non-
independence in our data. In order to rule out this concern, we ran
a Monte Carlo simulation assessing the empirical Type-I error rates
for jackknife based ¢ tests in data with a similar structure: We gen-
erated a population of 10,000 perceivers assessing four targets on
30 items and providing ratings on liking and knowing. To make the
population data as realistic as possible, we used the item means,

standard deviations, and intercorrelations from our sample. The
effects of target and perceiver sameness, knowing and liking were
constrained to zero. To assess empirical Type-I error rates for each
regression coefficient, we drew 1,000 random samples of » = 50
perceivers from this population, each time applying the jackknife
procedure outlined above, computing jackknife-based ¢ tests with
anominal Type-I error rate of .05, and counting the number of sam-
ples in which regression coefficients became (erroneously) signif-
icant. Ideally, the percentage of significant coefficients (i.e., the
“empirical” Type-I error rate) should be close to .05. The Type-I
error rates that we actually found were slightly lower for the know-
ing and liking coefficients (ranging from .020 to .043), quite accu-
rate for perceiver sameness (.057), and considerably lower for
target sameness (.009). Thus, our simulation study confirms that
the jackknife approach yields quite realistic p values for data struc-
tures such as ours, although tests for the effect of target sameness
might be overly conservative.

3. Specifically, we split the data set by target and then separately
regressed the perceivers’ ratings of the targets on each of the 30
items on the perceivers’ liking and knowing levels. That way, we
determined the extent to which ratings of a given target on a given
item could be predicted from the perceivers’ liking and knowing.
Then we averaged the resulting § coefficients across targets, to
determine how much ratings of an average target on a given item
could be predicted from liking and knowing. Then we correlated
these averaged Ps with the ratings of item desirability.

References

Biesanz, J. C., West, S. G., & Millevoi, A. (2007). What do you learn
about someone over time? The relationship between length of
acquaintance and consensus and self-other agreement in judgments
of personality. Journal of Personality and Social Psychology, 92,
119-135. Doi:10.1037/0022-3514.92.1.119

Borkenau, P., & Liebler, A. (1992). Trait inferences: Sources of valid-
ity at zero acquaintance. Journal of Personality and Social Psy-
chology, 62, 645-657. Doi:10.1037//0022-3514.62.4.645

Borkenau, P., Mauer, N., Riemann, R., Spinath, F. M., & Angleitner,
A. (2004). Thin slices of behavior as cues of personality and intel-
ligence. Journal of Personality and Social Psychology, 86,
599-614. Doi: 10.1037/0022-3514.86.4.599

Borkenau, P., & Ostendorf, F. (1998). The Big Five as states: How
useful is the five-factor model to describe intraindividual varia-
tions over time? Journal of Research in Personality, 32,
202-221. Doi:10.1006/jrpe.1997.2206

Borkenau, P., & Zaltauskas, K. (2009). Effects of self-enhancement on
agreement on personality profiles. European Journal of Personal-
ity, 23, 107-123. Doi:10.1002/per.707

Cronbach, L. J. (1955). Processes affecting scores on “understanding
of others” and “assumed similarity”. Psychological Bulletin, 52,
177-193. Doi:10.1037/h0044919

Edwards, A. L. (1953). The relationship between the judged desirabil-
ity of a trait and the probability that the trait will be endorsed. Jour-
nal of Applied Psychology, 37, 90-93. Doi: 10.1037/h0058073

Efron, B., & Tibshirani, R. J. (1993). An introduction to the bootstrap.
London, England: Chapman & Hall.

Downloaded from spp.sagepub.com at UNIVERSITAETSBIBLIOTHEK KASSEL on November 4, 2014


http://spp.sagepub.com/

474

Social Psychological and Personality Science 4(4)

Ferring, D., & Filipp, S.-H. (1996). Messung des Selbstwertgefiihls:
Befunde zu Reliabilitdt, Validitdt und Stabilitdt der Rosenberg-
Skala [Measurement of self-esteem: Reliability, validity, and stabi-
lity of the Rosenberg scale]. Diagnostica, 42, 284-292.

Furr, R. M. (2008). A framework for profile similarity: Integrating
similarity, normativeness, and distinctiveness. Journal of Person-
ality, 76, 1267-1316. Doi:10.1111/j.1467-6494.2008.00521.x

John, O. P., & Robins, R. W. (1993). Determinants of interjudge agree-
ment on personality traits: The Big Five domains, observability, eva-
luativeness, and the unique perspective of the self. Journal of
Personality, 61, 521-551. Doi:10.1111/j.1467-6494.1993.tb00781.x

Kenny, D. A. (1994). Interpersonal perception: A social relations
analysis. New York, NY: Guilford Press.

Kenny, D.A., Kashy, D. A., & Cook, W. L. (2006). Dyadic data anal-
ysis. New York, NY: Guilford Press.

Leising, D., Erbs, J., & Fritz, U. (2010). The letter of recommendation
effect in informant ratings of personality. Journal of Personality
and Social Psychology, 98, 668—682. D0i:10.1037/a0018771

Leising, D., Ostrovski, O., & Borkenau, P. (2012). Vocabulary for
describing disliked others is more differentiated than vocabulary
for describing liked others. Journal of Research in Personality,
46, 393-396. Doi: 10.1016/j.jrp.2012.03.006

R Development Core Team (2011). R: 4 language and environment
for statistical computing. Vienna: R Foundation for Statistical
Computing. Retrieved from http://www.R-project.org

Rosenberg, M. (1965). Society and the adolescent self-image. Prince-
ton, NJ: Princeton University Press.

Unkelbach, C., Fiedler, K., Bayer, M., Stegmiiller, M., & Danner, D.
(2008). Why positive information is processed faster: The density
hypothesis. Journal of Personality and Social Psychology, 95,
36-49. Doi:10.1037/0022-3514.95.1.36

Vazire, S. (2010). Who knows what about a person? The Self-Other
Knowledge Asymmetry Model (SOKA). Journal of Personality
and Social Psychology, 98, 281-300. Do0i:10.1037/a0017908

Author Biographies

Daniel Leising is a professor at the Psychology Department of Tech-
nical University Dresden (TUD). His research focuses on person per-
ception, interpersonal behavior, and personality pathology.

Olga Ostrovski is a PhD student at the Psychology Department of
Technical University Dresden (TUD). Her research focuses on com-
parisons between judgments of positively and negatively evaluated
target persons, in terms of validity.

Johannes Zimmermann is a research associate at the Psychology
Department of the University of Kassel. His research focuses on per-
sonality assessment, interpersonal processes in depression, and
psychotherapy.

Downloaded from spp.sagepub.com at UNIVERSITAETSBIBLIOTHEK KASSEL on November 4, 2014


http://www.R-project.org
http://spp.sagepub.com/


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages false
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 266
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 200
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 266
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 900
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (U.S. Web Coated \050SWOP\051 v2)
  /PDFXOutputConditionIdentifier (CGATS TR 001)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /Unknown

  /Description <<
    /ENU <>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements true
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MarksOffset 9
      /MarksWeight 0.125000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
  /SyntheticBoldness 1.000000
>> setdistillerparams
<<
  /HWResolution [288 288]
  /PageSize [612.000 792.000]
>> setpagedevice


